Course Description

We will discuss and employ various statistical techniques to estimate and an-
alyze causal impacts of policies: difference in differences, regression discontinuity
design, propensity score matching, randomized control trials, and instrumental
variables. The econometrics courses of the program are a prerequisite for this
course. While participants may feel free to use the free statistical software R or
Python for their own work, they are likely to be confronted with code in Stata
as they will replicate examples from the literature and present their insights. In
addition, there will be a midterm and a final exam. Participants are expected
to have read the indicated literature before the classes and to record their pre-
sentations and watch those of others in advance so that in the time together we
can focus on questions, discussion, and applications.
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